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Text analytics is a combination of various kinds of text analysis that combines a set of ~ (htps:/creativecommons.org/licenses/by/4.0/).
linguistic, statistical and machine learning that extract the meaning out of the text. For
example, the analyzing of customer reviews written by Netflix’s customers can be used to
find out common patterns and trends that happen around the business for better action-
taking, customer experience, and new business models to be built in the future. By doing
text analytics, the text data can be grouped with the purposes of creating word frequency
distribution (word cloud) and sentiment analysis. Whereas web analytics is referring to the
process of collecting data from website through data crawling before processing it into
useful info to improve the website experience by using social media analytics (Saini et al.,
2022). To find out ways to aid in the formulation of marketing strategies, clustering
techniques have been used. The clustering techniques will include behavioral segmentation
that focus on human behavior, demographic segmentation that focuses on age, and
occupation, and psychographic segmentation that focus on human’s psychological
characteristics such as interest, personalities, and so on.
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1 Introduction

Netflix is a leading enterprise that provides streaming services such as award-winning TV series, documentaries,
animations, comedies, and movies on devices accessible to subscribers 24/7 [1], [2]. It allows subscribers to choose
and watch programs on demand with the payment of a fixed monthly fee [3]. Netflix offers three subscription tiers:
a Basic plan at $9.99 per month, a Standard plan at $15.49 per month that permits two simultaneous streams and
downloads on up to two devices, and a Premium plan at $19.99 per month that allows four simultaneous streams and
downloads on up to four devices [4].

To enhance the business performance of Netflix, data analytics have been applied to study the attrition rate and
customer feedback [5], [6]. Web analytics and text analytics are conducted using data crawling or web-spider
techniques embedded in the platform to track customer keyword comments for storage and further analysis [7]. This
enables the identification of trends, consumer behavior, and service improvement opportunities through text analysis
of customer reviews [8]. Additionally, geolocation analytics have been utilized to determine which regions have the
highest concentration of subscribers, allowing Netflix to tailor its content and marketing strategies to suit community
preferences [9].

2 Literature Review

Based on the research, we know that the churn rate of Netflix has remained relatively consistent over the past
few years, but it has worsened in 2022 [10], [11]. Churn analysis can be applied to uncover the relationship between
Netflix services, customer behavior, and fluctuations in stock prices [12], [13]. According to Deloitte’s 16th annual
Digital Media Trends report, as the number of streaming platforms continues to grow, consumers are increasingly
willing to unsubscribe from paid streaming services when substitutes are readily available in the market [14], [15].
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Social media analytics and web analytics allow researchers to gather and analyze public responses about Netflix,
revealing that its shortcomings are not solely tied to content quality but may instead stem from poorly managed
marketing outreach such as weak customer impressions, frequent cancellation of promising series, and limited brand
differentiation [16]-[18]. Through customer comments, feedback and questionnaires, text analytics can pinpoint
Netflix issues and provide more opportunities and direction for Netflix's future development, thus improving
customer experience. Through customer comments, feedback, and questionnaires, text analytics can identify
underlying issues within Netflix’s service and uncover opportunities that guide future strategic development,
ultimately enhancing customer experience [19]-[21].

3 Problem Statements

Currently, Netflix has reported a significant rise in subscriber churn beginning in January 2022 [22]. By the end
of July 2022, nearly one million users were reported to have cancelled their subscriptions, marking the worst quarterly
decline in the company’s history and reducing its total subscriber base to approximately 220.67 million [23], [24].
Due to concerns over declining subscriber numbers and intensified competition within the streaming industry,
Netflix’s share price fell by approximately 68% between January and April 2022 [25], [26]. Therefore, it is necessary
to identify the potential causes behind this unusually high subscriber churn to prevent further business losses [27]. In
this report, we focus specifically on Netflix subscriptions within the Malaysian market [28].

3.1  Developing effective Marketing Strategies

Moreover, Netflix Malaysia is encountering challenges in developing effective strategies to attract new users and
retain existing subscribers [29]. Studies examining customer satisfaction and the perceived value of streaming
services indicate that Netflix experienced a 10% decline compared to its 2021 performance, while competitors such
as HBO Max and Disney+ recorded increases [30]. Although Netflix employs algorithmic recommendation systems
to surface fresh content on its homepage, limited external marketing efforts reduce its ability to draw in audiences
outside its current ecosystem [31], [32]. Therefore, Netflix must explore alternative approaches to attract new
customers and strengthen its competitive advantage [33].

3.2 Proposed Solution

As stated in the introduction we will perform various analytics methods to understand the behavior of our
customers. Via web analytics, we’ll keep monitoring and comparing the monthly churn rate after running marketing
campaigns and implementing different types of pricing strategies. Text analysis and keyword analysis will also be
done to understand the reasons behind the dissatisfaction of our subscriber as well as take note of the strengths of
Netflix that have been mentioned by the subscribers to further enhance and market them in the future. The geospatial
analysis also makes it easier to track each region's churn rate and plan the marketing materials accordingly.

Whereas for an effective way of increasing subscribers, Netflix will adjust its marketing strategies based on
demographic, psychological, and behavioral segmentation. Netflix will also consider cutting off the price depending
on the economic situation of Malaysia in order to make it more affordable to the subscriber. For instance, perhaps a
cheaper annual subscription plan will be introduced to the users during the 11.11 shopping session in Malaysia. The
quality of services will be constantly improved based on the feedback given by customers. In order to boost customer
satisfaction, personalization of the Netflix interface can be further enhanced, and promotion can be held more
constantly.

3.3 Supporting Factors

There are lots of ways for Netflix to obtain the data they require to improve the accuracy of their research and
investigation. They should invest more in data analytics as it is essential for a business to gain more insight for further
development and growth. Social media monitoring and online tracking is one of the methods in this digital era to
collect more data and discover more opportunities. Netflix can also increase their alternatives of collecting feedback
by sending the feedback forms in the form of URL to subscribers’ email constantly for them to voice out their
dissatisfaction regarding Netflix’s services. All the data received will be stored in the database for generating relevant
dashboards for future use.
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4 Required Technologies

4.1  Organizational Memory

Organizational memory (OM) refers to the accumulated knowledge, information, and data generated within a
company or corporation [34]. In the context of Netflix, OM is derived primarily from internal databases and the past
experiences of its employees, providing undocumented knowledge, skills, and insights essential for organizational
growth [35]. From a technological standpoint, Netflix must develop a robust data analytics framework and automated
systems that support the acquisition, transformation, retention, analysis, and visualization of collected data to enhance
data-driven decision-making [36], [37].

L Figure 1. Analytics Framework of Netflix

4.2 Information Integration

Information integration refers to the combination of data originating from various sources—often with
heterogeneous structures—to produce a unified and accurate dataset for analysis [38]. These data sources may include
websites, social media platforms, and unstructured content such as survey reports, online reviews about Netflix, and
customer responses to email marketing campaigns [39]. In the context of Netflix’s customer data integration,
information about each customer is extracted from multiple platforms such as Facebook and Twitter, as well as
internal business systems including marketing and accounting, before being consolidated into a single customer entity
for service operations and analytics [40], [41].

4.3  Insight Creation

Data collection and insight creation will focus on key social media and web analytics metrics—such as
conversion rate, bounce rate, audience growth rate, and engagement rate—which are essential for supporting Netflix's
business objectives of reducing churn through enhanced customer experience and increasing new subscriber
acquisition via improved campaign effectiveness [42], [43]. Furthermore, through text analysis of reviews and
customer-generated social media posts on platforms such as Facebook and Instagram, valuable insights can be
extracted from unstructured text data to better understand user perceptions and behavioral patterns [44], [45].

5 Results and Discussion

The statistics for contrasting Netflix users from Facebook and Instagram can be seen on the dashboard. The
dashboard's main objective is to make evident the differences between the demographic information of Netflix users
from Facebook and Instagram, the dispersed location of Netflix subscribers throughout Malaysia, the types of
marketing channel of Netflix, the advertising metrics of ads running on Facebook and Instagram as well as the
feedback gotten from the subscribers through the Netflix’s review websites.
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Figure 3. Global Marketing Channel

According to data obtained from the Global Marketing Channels of Netflix, we can notice that majority of the
subscribers subscribe through the direct method, which is around 88.51% of them, followed by Organic searching
9.89%, social media 0.85%, Referrals 0.48%, Email 0.26%, Display aids 0.01% and Paid Search 0.00%. Furthermore,
it is apparent that Netflix's social media marketing efforts are rather minimal given that the dashboard indicates that
there is potential to grow the customer base using these platforms. Netflix can advertise more on social media
platforms like Facebook and Instagram to boost subscriptions and minimize churn rate because the Internet and social
media now are the quickest ways to market anything and engage with potential customers.
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Figure 4. Total Subscriber of Netflix

From the dashboard, we can see that Netflix has around 11 million Netflix’s subscribers who came from social
networking sites. According to the data, 8.11 million subscribers come from Facebook and 2.89 million come from
Instagram.
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Figure 5. Gender and Age distribution of Netflix

Referring to the demographic profile on the dashboard, majority of Netflix customers are young adults between
the ages of 18 and 24 and 25 to 34. The lowest subscription rate can be seen in the age group over 65. Elderlies might
smaller social networks and fewer online social interactions as compared to other age groups so they might not be a
fan of social media platforms. When compared to teenagers, the other age groups have fewer subscribers because
people in these ages spend more time at work and with their families rather than being active on social media and
surfing the posts for information and news.

Besides that, most adolescents between the ages of 18 and 24 are college students who are still studying and have
no financial burden; thus, they are more likely to pay attention to online information when compared to adults who
age is around 25 — 34. In addition, we can observe that the number of subscribers has started to decrease after the age
of 25 — 34. In terms of digital literacy skills, we strongly believe that younger people are able to pick things up more
rapidly than older people.

For the gender ratio, the result has shown that Netflix has more male subscribers than female subscribers. In an
effort to retain the number of male subscribers and increase the number of female subscribers, Netflix can incorporate
personalization into advertisements by trying to promote their movie content according to the gender of subscribers.
For example, action, erotic, and war are usually more preferred by males while animation, comedy, drama, and
romance were for females.

f) @

Total Subscriber 8.1M 2.89M

Churn 1.66% - 1.89% -

Figure 6. Churn rate of Netflix

Next, while examining the subscriber churn from both Facebook and Instagram, it has been revealed that the
number of subscribers has decreased at a rate of 1.66% and 1.89%, respectively, on both platforms. Hence, we
discovered that the hiking of price and subscribers' preference for substitute services are the two factors that have
caused this problem. The cost of a Netflix subscription has climbed by more than 50% over the six years, from $10
to about $15.90 per month. This has been especially expensive throughout COVID’s recovery from the recession.

Whereas for the second factor, there is a rise in streaming platforms in the market, some of the existing
subscribers are trying other alternatives at the same time to see if it would be a better fit for them. For instance, Apple
TV+, HBO Max, Hulu, iQiyi, Tencent, etc. This is since customers tend to test out other services since they offer
greater promotion or have more on-demand material. Hence, it would be preferable if Netflix could reduce the price
and enhance their marketing content.

Avg Visit Duration 00:09:44 00:07:39
Pages per Visit 8.60 10.85
Bounce Rate 32.84% 34.49%

Figure 7. Bounce rate of Netflix

According to research carried out for Netflix, there was a bounce rate of approximately 32.8% for their Facebook
advertisements, and 32.84% for Instagram advertisements. This could imply that the content of advertisements on
both platforms does not appeal to the consumers, or the websites referenced in the ads do not promote the target
audience's interests, or just simply the websites' landing pages are not operating well.
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Figure 8. Distribution of Netflix

According to the geolocation visualization, Malaysia has many Netflix customers. They have subscribers from
places like Putrajaya, Labuan, Johor, Perlis, and Penang. Moreover, Facebook has surpassed all other social media
platforms in terms of usage among internet users in Malaysia. Hence, it is obvious that Facebook adverts reached
more Malaysians across all states. So, advertisement via Facebook might be a better way to market Netflix’s services
to Malaysian as compared to Instagram.
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Figure 9. Word Cloud of Netflix

In brief, the text analysis highlighted the keyword from the received comment. The wording that appears the
most frequently in this word cloud is Less Option, Personalization, Service, Review, etc. Based on the word cloud,
Netflix can try to expand its selection of its content beyond merely movies. To make the subscribers feel like their
memberships are worthwhile and to encourage them to renew, perhaps they might try something different by
including video games, LIVE sporting events and more drama episodes as well.

Moreover, the UI Design can also be improved to address the personalization issue and make the layout more
appealing to subscribers. Customer services need to be enhanced as well by addressing customer issues as quickly as
possible, so the reviews published on the Internet is more favorable and don't turn off potential customers.

6 Challenges and Best Practices

6.1  Challenges in Implementation

The first challenge for implementing data analytics in Netflix is the lack of skill in data clustering. This is because
some of data collected from subscribers turn out to be duplicated which makes Netflix unable to analyze the data
effectively. For instance, the collected demographics data regarding Netflix’s customers, when a customer has same
name, age, even occupation with another customer, those customers will be detected as only one customer in the
system. Therefore, a unique attribute such as ID number is needed, to specify the identity of Netflix user to solve the
data duplication problems and increase the authenticity of data analysis results before sending it for further
preprocessing and being stored into the data warehouse or database. To visualize the data, tools such as Tableau or
Power BI are needed to create visualizations that help Netflix in their decision making.

The next important challenge that Netflix is currently facing is how to collect appropriate data from the right
channel and how to deal with unstructured data to boost the number of subscribers for their services. Since the higher
the volume of data collected and processed, the higher the accuracy and integrity of the analysis. Examples of
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unstructured data that Netflix might need would be geospatial data, social media data, online reviews, as well as
applications, and website logs. However, the lack of structured data engineering approaches might be one of the
technical barriers to overcome in generating insights. Moreover, planning for data collection is important so that data
of the highest quality can be collected. Once it has been identified, Netflix will be able to create a suitable strategy
to handle this challenge and make a suitable decision to promote its product. For instance, when Netflix wants to
collect more data about new users like their interests and preferences, a daily login reward could be given with the
condition that the users must spend at least 5 minutes on Netflix per day or at least complete a task like filling out
the feedback form or adding something to cart. We strongly believe that this alternative can decrease the bounce rate
and collect more appropriate data.

6.2  Best Practices

Some best practices need to be considered to aid in the formulation of marketing strategies. With data clustering,
Netflix Malaysia can continuously segment their consumer utilizing psychographic segmentation and behavioral
segmentation to address the issues. Data collection can be done by extracting the necessary customer insights from
third-party cookies managed by Google services from time to time to ensure the accuracy of results.

6.3 Behavioral Segmentation

Behavioral segmentation can be carried out by first gathering information about potential users' online behaviors,
e-commerce activity, and previous customer engagement. Customers will be put into clusters based on patterns in
their behaviour so that different groups can be targeted with different types of advertisements. For instance, customers
who purchased Marvel figurines in the past may receive more action movie recommendations from Netflix.

6.4  Psychographic Segmentation

Psychographic segmentation can be carried out by first gathering information regarding potential users' interests,
personalities, and values. Next, assign the customers into groups with similar traits so that more effective marketing
can be done via personalization. For instance, Netflix can advertise movies about games or action to the targeted
group who have a tendency of playing them.

6.5 Demographic Segmentation

By leveraging clustering techniques, Netflix can also further enhance its direct marketing strategies using the
demographic data of its potential customers. The segmentation could also be improved by experimenting with other
cluster features that benchmark with industry norms. For example, customers can be segmented into groups according
to their occupations and age ranges so that the movies suggested are better suited to their ages and needs.

7 Conclusion

In conclusion, Netflix needs to gather as much data as possible to use data analysis to generate more insights and
perform better in the future. In terms of data privacy, there will be only a minimal amount of personal information
collected with the customers’ prior consent. The required data will be collected via cookies and web beacons. The
confidentiality of the retrieved data is also ensured based on the customer's personal data protection principles.

Apart from that, Netflix should invest more in geospatial analytics, text analytics, and web analytics. The analysis
results allow us to understand the distribution of subscribers of Netflix in Malaysia as well as the proportion of social
media marketing usage. Through social media analytics, we could also determine the engagement rate of customer
with certain content, while through web analytics, the gender, age range, location and usage behavior of Netflix’s
subscribers can also be collected for further analysis and marketing use. The aforementioned information, including
reviews. marketing channels and advertising metrics also enable us to understand exactly how our products can be
improved. Through text analysis, we may also identify the service's shortcomings and make necessary adjustments
to improve the product's functionality and features, indirectly the issue of ongoing subscriber loss will be resolved
over time.
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